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Safety-critical systems
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Silent Data Corruption (SDC)• Computation is done but result isaltered
Detected Unrecoverable Error (DUE)• Crash and OS hangs

Fault source
Logic
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1 + 1 = 3

This raises multiple questions about theassessement methodology and the efficiencyof the protection methods
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Low conf. inputs are morevulnerable: up to 22x moremisclassifications

*Same trends are observed byinjecting fault at software level

Despite a great level ofprotection, low conf. inputs aremore vulnerable to faults
†Same trends are observed on 4different models (CV & NLP)
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